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Background

Europe recently experienced a sharp increase in asylum rates. The most popular destination country was
Germany, which lead to solidarity and a “welcoming culture” among natives, but also fundamental protest
and xenophobic violence. These developments were rather unpredictable and unprecedented, which gave
mass media a key role in informing the general public. With the increasing popularity of online news and

sinking readership of print media, it is important to know whether and how the reporting between these two
kinds of media differ.

Research questions

*  Which frames dominated the refugee discourse in German mass media?
* How did media reporting develop in the course of the “Crisis”?
* Do online and print media differ in their frame usage?

Data Method
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Explorative Datenanalyse — Lerne den Datensatz kennen
1. Plot des Ausleihverhaltens tber die Zeit

datetime,season,holiday,workingday,weather,temp,atemp,humidity,windspeed,casual,registered,count
2011-01-01 00:00:00,1,0,0,1,9.84,14.395,81,0,3,13,162011-01-01
01:00:00,1,0,0,1,9.02,13.635,80,0,8,32,402011-01-01 02:00:00,1,0,0,1,9.02,13.635,80,0,5,27,322011-01-
01 03:00:00,1,0,0,1,9.84,14.395,75,0,3,10,132011-01-01 04:00:00,1,0,0,1,9.84,14.395,75,0,0,1,12011-01-
01 05:00:00,1,0,0,2,9.84,12.88,75,6.0032,0,1,12011-01-01 06:00:00,1,0,0,1,9.02,13.635,80,0,2,0,22011-
01-01 07:00:00,1,0,0,1,8.2,12.88,86,0,1,2,32011-01-01 08:00:00,1,0,0,1,9.84,14.395,75,0,1,7,82011-01-
01 09:00:00,1,0,0,1,13.12,17.425,76,0,8,6,142011-01-01
10:00:00,1,0,0,1,15.58,19.695,76,16.9979,12,24,362011-01-01
11:00:00,1,0,0,1,14.76,16.665,81,19.0012,26,30,562011-01-01
12:00:00,1,0,0,1,17.22,21.21,77,19.0012,29,55,842011-01-01
13:00:00,1,0,0,2,18.86,22.725,72,19.9995,47,47,942011-01-01
14:00:00,1,0,0,2,18.86,22.725,72,19.0012,35,71,1062011-01-01
15:00:00,1,0,0,2,18.04,21.97,77,19.9995,40,70,1102011-01-01

2. Ausleihverhalten nach Wochentag
3. Wie lange werden die Rader ausgeliehen?
4. Mergen & Karten zeichnen

Anfanger + Fortgeschrittene

Demand Over a Seven-Day Period. Demand by Hour and Weekday .
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Nachfrage-Prognose — Wende statistische Methoden an

1. Untersuche den Zusammenhang zwischen den Variablen naher
2. Teste verschiedene Modelle und deren Qualitat

3. Von Training zu Testen — Treffe Vorhersagen
4. Lade den Datensatz auf Kaggle hoch
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Background

Motivation

e Parental action today is considered to have a determining
impact on a child’s future happiness, healthiness, and suc-
cess in life and, therefore, for the future society (Lee, 2014)

e Shifts in parenthood ideology emerge as product of cultural
developments on an institutional level (Lee, 2014)

e Former research focuses on the role of welfare states and
various institutions to explain this change, but media as dis-
tributor of norms has been overlooked

e Media as one institution where parents can derive ideas and
ideals on the behaviour of parents and what parenthood en-
tails (Francis-Conolly 2003)

e But: only little is known about which specific ideologies of
motherhood, fatherhood, parenthood are communicated or
even desired by mainstream news media (Budds, Locke, &
Burr 2013; Thiessen & Villa, 2009)

e An overview over the discourse is completly missing

Research Question:

(1) Which topics are addressed by German newspaper outlets when covering mothers, fathers and/or parents?

(2) How does the distribution of topics change over time for topics strongly related to the topic of parenthood?
(3) What is the proportion of mothers, fathers and parents within topics strongly related to parenthood?

German case:

e Archetype of a conservative wellare state (Esping-An-
dersen, 2013)

e Reunification 1990: conservative and socialist ideals clash

e Variety of policies preserves traditional family model
in which fathers are expected to be breadwinners and
mothers are presumed to be carers

e Paradigmatic shift in family policy in 2007: ‘Federal Pa-
rental Allowance and Parental Leave Law’ (‘BEEG’)

— Fathers: financial providers, but also carers

— Mothers: carers, but also active on the labour market

Former research on parents in newspaper media:

e Most often news accounts of ‘deviant” parents

e Normative family ideals from readers’ letters, news-stories
on stay-at-home-dads or attachment parenting, historic
newspaper articles and depiction of politicians

— Good starting point, but:

e Very specific research questions on limited sample, lack of
comparability, no longitudinal studies

e Systematic overview on general coverage on parenthood
and the topics discussed in newspaper media is missing in
the (sociological) literature so far

First Results

Topic 27: Biographies
Topic 22: Interview
Topic 45: Opinion Pieces in Various Fields
Topic 16: (Demanding) Jobs
Topic 29: Accidents
Topic 64: Stories of Calamities
Topic 77: Personal Stories
Topic 41: Parent Company
Topic 55: Violence
Topic 60: Parenthood and Children
Topic 72: Criminal Procedure
Topic 25: Christmas/Saint Nicolas Day
Topic 70: Conviction and Sentences
Topic 53: Books and Bi?(grafies of Children/Teenagers
Topic 69: Demographic Key Figures and Change
Topic 18: Homicide
Topic 63: Family Politics
Topic 44: School
Topic 33: Modern Society
Topic 54: Intern Processes of Institutions
Topic 57: Circus and Skills
Topic 74: Football
Topic 34: Social Security Contributions
Topic 19: Movie
Topic 62: Schools in and around Munich
Topic 20: Literature
Topic 15: Social Work
Topic 79: Short Stories
Topic 78: Elections
Topic 10: Medical
Topic 75: Housing
Topic 32: Feminism
Topic 5: Sportsevents
Topic 39: German Federal Constitution Court and Laws
Topic 66: Pregnancy and Science
Topic 73: British Royal Family
Topic 56: Astronomy and Greek Mythology
Topic 43: Life Stories
Topic 26: Travel Offers
Topic 49: Events in and around Munich
Topic 46: Conflicts Middle East
Topic 51: Theater and Opera
Topic 47: Psychoanalysis and Philosophy
Topic 2: Politics
Topic 8: Art
Topic 42: Pop Music
Topic 61: Natural Disasters
Topic 9: Nazi Germany
Topic 58: Money
Topic 28: Holiday Destinations by the Sea
Topic 67: Refugees
Topic 24: Catholic Church
Topic 17: Digitalisation
Topic 13: Classical Music
Topic 68: France
Topic 3: Mobility
Topic 52: German Television
Topic 4: Animals
Topic 30: Citizenship by Naturalisation
Topic 35: History
Topic 14: Tradition
Topic 38: Recipes, Cooking, Dining
Topic 65: Movies in Television
Topic 11: Recommended Books
Topic 31: Intern Proceedingf of Newspapers
Topic 37: South- and Northkorea, Kongo
Topic 59: Movies and Literature
Topic 6: US Politics
Topic 1: Obituaries/Strauss—-lawsuit
Topic 76: New York
Topic 12: Spain and South America
Topic 48: Racing
Topic 71: Fashion, Beauty and China
Topic 40: Winegrowing and Brewing
Topic 21: Wintersports
Topic 50: Russia and former Soviet Union
Topic 7: Scandinavia/Pippi Langstrumpf
Topic 36: Turks and Living in Turkey
Topic 23: Italy
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Figure 1: Summary of topic proportions
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Figure 2: Topic prevalence evolution of ‘Family Politics” and ‘Parenthood” over years
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Figure 3: Expected document proportion for topics ‘Family Politics” and ‘Parenthood’

Data & Methods

Conclusion

Sample:

e Articles from ,Studdeutsche Zeitung’ (leftist editorial stance)
obtained from LexisNexis

e 164.618 cleaned articles from 1994-2016 in database
Analysis:

o ~Striictural Topic Model with k = 79 topics from stm-pack-
age (Roberts et al., Forthcoming)

e Parameters:

— Mentioned‘@ender in articles: mother and/or father and/
or parent and/or neutral

— Year of publication of the article

— Chosen topics to scrutinize further: ,Family Politics” and
,Parenthood’

RQ 1:

e On average, an article devotes around 1.9% of its space to
the topic ‘Parenthood and Children’

e Mentions of mother, father and/or parents are broad and
often times just once in the whole article

e Sample not only consists of articles that specifically talk
about parenthood, but parents are mentioned more oi-
ten in a laisse-fair way in articles on different topics

RQ 258

e ‘Family Policy’: high points around 1995, 2006, 2012,
just before important changes of family policies are im-
plemented --> Discussion in articles starts prior changes
in law

e ‘Parenthood’: high point in 2006, shortly before the
‘BEEG’ is introduced --> On average 0.6% of space in an
article is dedicated to parenthood-topics

RQ 3:

. ’Famili} Politics’: articles using the words parent, parent
& neutral, mother & parent & neutral dedicate around
5% on average of content to this topic

e ‘Parenthood’: articles using the words mother & father
& parent, mother & parent, mother & parent & neutral
dedicate around 4% on average of content to this topic
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